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EVENT-BASED CAMERAS OVERVIEW OF THE PROPOSED METHOD RESULTS

B Tracking of the corners done by a simple nearest neighbor

B A paradigm shift
In the representation of movement

B Evaluate on the Event Camera Dataset [3]

* Low latency: sub-millisecona accuracy evHarris [4] evFast [2] Arc [1] SILCATIS  SILC DAVIS
+ Low energy and memory consumption 3D reprj. error (oix 246 2.50 2,58 2.53 216
« High dynamic range (>120dB) - '

Valid Tracks (%) 47.4 50.1 42.9 47.3 635.3

B Introducing the HVGA-ATIS Corner Dataset

» https://prophesee.ai/hvga-atis-corner-dataset/
 Higher resolution (480x360)

[b] [c] [d] » Planar patterns to reduce triangulation errors
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B Asynchronous B Efficient event-based normalization inspired by a sorting algorithm
Time-based Image Sensor (ATIS) ' Output: Speed Invariant Time Surface S(x, v, p);
« Pixels independently 2 Initialization: S(x, y, p)+«0 for all (x, y, p); B Real-Time processing on the HVGA sensor
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